
IJARSCT  ISSN (Online) 2581-9429 

    

 

      International Journal of Advanced Research in Science, Communication and Technology (IJARSCT) 

 

 Volume 2, Issue 7, May 2022 

 

Copyright to IJARSCT    DOI: 10.48175/568                       875 
www.ijarsct.co.in  

Impact Factor: 6.252 

Automatic Detection of Helmet using RCNN and 

SSD Mobile Net 
1Mr. S. Gopi, 2Dr. D. Anitha, 3Ms. G. Aarthi, 4Ms. S. Dharshini, 

5Ms. M. Indhu Shalini, 6Ms. R. Subhashini 
1Associate Professor, 2Assistant Professor, 3456Student 

Department of Information Technology 

Muthayammal Engineering College (Autonomous), Rasipuram, Tamil Nadu, India 

 

Abstract: Bicycle accidents were on the rise in a number of countries at the time. Over 37 million 

people ride bicycles in India. As a result, it's critical to develop a framework for automated head-

protection detection for street safety. In this way, a bespoke article placement model is created based 

on a Machine Learning computation that can distinguish Motorcycle riders. The License Plate is 

extracted and the License Plate number is read using an Optical Character Recognizer when a 

Helmetless rider is discovered. This application can be run in stages, using information coming from a 

Webcam or a CCTV. Any intelligent traffic framework must include automated detection of offenders of 

traffic rules. Bike is one of the most important modes of transportation in a country like India, where 

the population density is great and cities are often vast. The majority of motorcyclists avoid wearing 

caps in cities or on highways. In the vast majority of motorcycle accident cases, wearing a cap can 

reduce the risk of head and severe cognitive harm to the rider. The great majority of traffic and safety 

violations are now identified by examining traffic recordings captured by reconnaissance cameras. This 

study presents a system for identifying single or many riders who ride a bike without wearing a helmet. 

In the suggested method, bike riders are identified in the first stage using the SSD-Mobile Net model, 

which is a stable version of the cutting-edge object identification methodology SSD-Mobile Net model. 

A territorial-based Convolutional Neural Network (RCNN)-based engineering has been proposed for 

the discovery of bike riders' head protectors in the following step. 
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I. INTRODUCTION 

1.1 Deep Learning  

Deep learning techniques aim to learn highlight orders from more significant levels of the progressive system, which are 

affected by the production of lower level parts. Without relying only on human-created highlights, a framework can 

naturally learn complicated capacities planning the contribution to the result directly from information. Profound learning 

computations attempt to use the obfuscated structure of information circulation in order to uncover great representations, 

which are frequently at several levels, with higher-level learnt elements being distinguished from lower-level elements. The 

PC may learn muddled notions by creating them out of easier ones according to the progressive system of ideas. f we design 

a diagram to explain how these ideas are built on top of one another, the result is a multi-layered chart. As a result, we've 

coined the term "deep learning" to describe this approach to AI. On issue domains where information sources (and, 

unexpectedly, yield) are straightforward, profound learning reigns supreme. They are images of pixel data, reports of text 

data, or documents of sound data, rather than a couple of numbers in a simple arrangement. 

Deep-learning architectures such as deep neural networks, networks, deep reinforcement learning, recurrent neural 

networks, and convolutional neural networks have been used in fields such as computer vision, speech recognition, natural 

language processing, machine translation, bio informatics, drug design, medical image analysis, climate science, material 

inspection, and board game programmes, where they have produced results that are comparable to, and in some cases 

surpass, human performance. 
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1.2 Proposed System  

We promote a deep learning-based technique for the on-the-go discovery of a wellbeing protective cap. The SSD-Mobile 

Net computation, which is based on convolutional neural organisations, is used in the proposed technique. A dataset 

containing 3261 images of security head protectors is laid out and distributed to the general public. The images were taken 

from two sources: manual capture from the video checking system at work and open images acquired using web crawler 

technology. The image set is divided into three parts: preparation, approval, and testing, with an examining ratio of around 

8:1:1. The findings reveal that the introduced deep learning-based model using the SSD-Mobile Net computation is capable 

of accurately and effectively identifying the risky action of disappointment of wearing a cap at the construction site. 

 

1.2.1 Algorithm  

Region Based Convolutional Neural Networks(RCNN) 

 Locales with convolutional neural organisations (RCNN), for example, combines rectangular district suggestions 

with convolutional neural organisation highlights. 

 For tracking things from a drone-mounted camera, identifying text in an image, and allowing object detection in 

Google Lens, researchers deployed Region Based Convolutional Neural Networks. 

 Mask R-CNN is one of seven tasks in the MLPerf Training Benchmark, a competition to improve neural network 

training speed. 

 Rather than dealing with a large number of areas, the RCNN computation suggests a large number of boxes in the 

image and tests whether any of these crates have any information at any time. 

 

Advantages:  

 As a result, it recognises the important elements with little to no human intervention. 

 For example, given a large number of photos of felines and canines, it learns certain elements for each class without 

the assistance of anybody else. Similarly, CNN is computationally efficient. Over 95% accuracy rate 

 

1.3 System Architecture 

 
Figure 1 System Architecture 

 

1.4 Modules 

1.4.1 List of Modules 

1. Training the Dataset  

2. Open Camera and Open CV  

3. Loading Model 

4. Distinguish the wearing of Helmet or not  

5. Identifying the accuracy of the helmet and non helmet 
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1.4.2 Module Description  

1. Training the Dataset  

With the dataset, the model is built using Tensor Stream and Keras (with and without Helmet) 

2. Open Camera and Open CV  

The open CV detects the faces of persons in the frame and uses the camera to monitor them. 

3. Loading Model  

The pre-prepared model is then layered to determine whether or not an individual has a Helmet.  

4. Distinguish the wearing of Helmet or not  

Using a pre-prepared model to determine whether or not a person is wearing the Helmet during a live video transfer with 

the use of a camera. 

5. Identifying the accuracy of the helmet and non helmet 

After identifying the helmet, the precision of the border box will be predicted. The accuracy forecast will be derived by 

comparing the testing data with pre-trained data. 

                      

1.5 Predict the Result  

Subsequent to investigating the remarks, this module assists with showing the ideal outcomes to the client.  

 

1.6 Implementation  

The task's execution phase is when the notional plan is turned into a working structure. As a result, it might be considered 

the first step towards creating a successful new framework and assuring the client that the new framework would operate. 

The execution stage includes careful planning, a review of the current framework and its restrictions on execution, the 

development of changeover strategies, and the evaluation of changeover approaches. Individuals from numerous divisions 

and framework examinations are present at the time of execution of any framework. They have been confirmed to be capable 

of regulating various activities of individuals outside of their own information processing departments. 

 

1.7 Result Screenshots 

 
Figure 2 Result Module 1 
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Figure 3 Result Module 2 

 

 

 
Figure 4 Result Module 3 
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Figure 4 Result Module 4 

 

1.8 Conclusion  

The suggested method uses traffic observation records to identify single or many riders who are not wearing a helmet. The 

SSD-Mobile Net concept was used to find motorcyclists. The suggested lightweight convolutional neural structure then 

recognises whether or not all cruiser riders are wearing a protective headgear. With a precision of 95%, the suggested model 

performs brilliantly for head protection positioning in diverse conditions. This technology compares favourably to previous 

RCNN-based cap detection algorithms and can be expanded in the future to distinguish more complex riders, including 

children. This approach can also be applied to far more challenging conditions involving bad weather for the detection of 

helmetless bikers. 

 

BIBLIOGRAPHY 

[1] Kunal Dahiya, Dinesh Singh, C Krishna Mohan, 'Programmed discovery of bicycle riders without cap involving 

reconnaissance recordings continuously', International joint meeting on neural organizations (IJCNN), July 2016  

[2] Li, Huanming Liu, Tianzheng Wang, Min Jiang, Shuai Wang, Kang Li and Xiaoguang Zhao, 'Wellbeing protective cap 

wearing location in view of picture handling and AI', Ninth International Conference on Advanced Computational 

Intelligence (ICACI), July 2017  

[3] Sri Uthra V, Sariga Devi V, Vaishali K S, Padma Priya S, 'Cap Violation utilizing Deep Learning', International Research 

Journal of Engineering and Technology (IRJET), vol 07, pp 3091-3095, Feb 2020 

[4] Prajwal M J, Tejas K B, Varshad V, Mahesh Madivalappa Murgod, Shashidhar R, 'Location of NonHelmet Riders and 

Extraction of License Plate Number utilizing Yolo v2 and OCR Method', International Journal of Innovative Technology 

and Exploring Engineering (IJITEE), vol 09, pp 5167-5172, Dec 2019  

[5] K C Dharma Raj, Aphinya Chairat, Vasan Timtong, Matthew N Dailey, Mongkol Ekpanyapong, 'Protective cap 

Violation handling utilizing Deep Learning', International Workshop on Advanced Image Technology (IWAIT), Jan 2018  

[6] A. Krizhevsky, I. Sutskever, and G. E. Hinton, 'Imagenet grouping with profound convolutional neural organizations,' 

in Advances in Neural Information Processing Systems, vol. 25(2),DOI: 10.1145/3065386, 2012.  

[7] N. Dalal and B. Triggs, 'Histograms of situated angles for human location,' in Proceedings of IEEE Computer Society 

Conference onComputer Vision and Pattern Recognition, vol. 1, pp. 886-893, 2005.  



IJARSCT  ISSN (Online) 2581-9429 

    

 

      International Journal of Advanced Research in Science, Communication and Technology (IJARSCT) 

 

 Volume 2, Issue 7, May 2022 

 

Copyright to IJARSCT    DOI: 10.48175/568                       880 
www.ijarsct.co.in  

Impact Factor: 6.252 

[8] D. G. Lowe, 'Unmistakable picture highlights from scale-invariant keypoints,' International Journal of Computer Vision, 

vol. 60(2), pp. 91-110, 2004.  

[9] Z. Guo, D. Zhang, and L. Zhang, 'A finished demonstrating of neighborhood paired example administrator for surface 

grouping,' IEEE Transaction on Image Processing, vol. 19, no. 6, pp. 1657-1663, 2010.  

[10] J. Chiverton, 'Cap presence characterization with cruiser discovery and following,' IET Intelligent Transport Systems 

(ITS), vol. 6, no. 3, pp. 259-269, 2012. [11] W. Rattapoom, B. Nannaphat, T. Vasan, T. Chainarong, and P. Pattanawadee, 

'Machine vision procedures for bike security cap identification,' in Procedings of International Conference on Image and 

Vision Computing, pp. 35-40, 2013.  

[12] J. Li, H. Liu, T. Wang, M. Jiang, S. Wang, K. Li, and X. Zhao, 'Security cap wearing location in light of picture 

handling and AI' In Proceedings of IEEE International Conference on Advanced Computational Intelligence (ICACI),  

pp. 201-205, 2017.  

[13] R. Silva, K. Aires, T. Santos, K. Abdala, R. Veras, and A. Soares, 'Programmed recognition of motorcyclists without 

protective cap,' in Proceedings of Latin American Computing Conference (CLEI), pp. 17, 2013.  

[14] R. V. Silva, T. Aires, and V. Rodrigo, 'Cap location on motorcyclists utilizing picture descriptors and classifiers,' in 

Proceedings of Graphics, Patterns and Images (SIBGRAPI), pp. 141-148, 2014.  

[15] G. Ross, D. Jeff, D. Trevor, and M. Jitendra, 'Rich element progressive systems for exact article discovery and semantic 

division,' in Proceedings of IEEE Conference on Computer Vision and Pattern Recognition (CVPR). 

 


