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Abstract: The use of product promotion systems is rampant among the major e-commerce companies
today, A number of the more famous product recommendation modules may be discovered on
Amazon.Com (Linden et al, 2003) and eBay. In several profits of an oversized e-commerce company
will rise and fall on the effectually of their product recommendation algorithms, which is why such
firms typically place abundant of their time and cash into these algorithms. Smaller e-commerce
companies however regularly do not longer have the ability or the dimensions of sources to put into
effect algorithms like the ones of Amazon, which has in large part positioned powerful product advice
structures out of to attain of smaller retailers. In order for a small store to put into effect a product
advice machine this kind of machine have to be efficient while running on a server device with modest
computing capabilities small companies usually do not have the economic potential to put money into
a huge infrastructure. The device have to additionally make do with substantially much less education
information than a powerhouse like Amazon would possibly have. In order to be of use to the company ,
however, this recommendation machine have to nonetheless be strong sufficient to make a distinction
in client click-via on recommended products. In this paper we propose a recommendation device for a
real-existence small retailer. To make the device extra robust we become aware of a couple of product
prediction standards which would possibly observe to any given client and we weight every of those
standards such that they may be carried out based at the present day client to bring about a single
product advice.

Keywords: Data mining, Web mining, Information Search and Retrieval, Electronic commerce,
CMiner, sentimental analysis

L. INTRODUCTION

E-commerce (EC) systems have seen a significant increase in sales value in recent years, especially with significant
technological advances and advances in online services. This fact has led to the formation of many large companies
and increased competition between these companies to attract the largest number of customers and obtain the highest
financial rewards. This competition reflects the increase in the number of items offered, the provision of specialties
and discounts, the simplification of payment methods and the simplification of the customer search process in
accordance with its own guidelines. One of the ways to facilitate shopping for customers is to provide a list promoting
customer specific products based on customer preferences, called a recommendation system. In this area, several
studies have been conducted suggesting various ways to develop recommended programs to increase the effectiveness
of trading sites. The complementary system, commonly known as the complementary system (RS), is a type of
information filtering system that seeks to assess a customer's "rating" or "priority" for an object. An object.
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II. LITERATURE SURVEY

Name of Paper Abstract Methodology Conclusion Drawback
Z. Ma, G. Pant, and | Introducing a | The company | This paper proposes | 1) more time
O. R. L. Sheng, | method that uses | identifies quotes on | and explores a | required.
“Mining competitor | graphical theories | news by looking at the | method that wuses | 2) Only work on
relationships from | and machine | news archive | corporate citations in | news data.
online news: A | learning techniques | maintained by the | online affairs to create | 3) Not work on
network-based to reduce | company Create a | a corporate network | unstructured
approach,” Electronic | competing modified company | that aligns with its | data.
Commerce Research | relationships on a | network, with  an | structural attributes
and Applications, | caseby-case Based | excerpt from  the | thatare used to reduce
2011. on the inter- | company, and identify | competitor relations

company network | four types of attributes | between companies.

structure based on | from the network | This paper

corporate  quotes | structure that differ in | evaluations prompt

(cooccurring their integration with | three broad

events) in online | the currently promoted | observations.

news articles..

network.

R. Decker and M.

People reviews are

In this paper Review

this paper, present an

1) only review

Trusov, “Estimating | to be had online for | the clever division of | economic framework | are taken to find
aggregate consumer | a massive variety of | good and evil into each | that can be used to | competitor.
preferences from | product categories. | word and phrase And | transform the | 2) Less
online product | the best and awful | then remove words and | majority of individual | accuracy.
reviews,” expressions for this | phrases that do not | consumer ideas made
International Journal | reason  expressed | indicate explicit or | available through
of Researchin | replicate the | implied product | online product
Marketing, vol. 27, | personally features.. Then a | reviews into popular
no. 4, pp. 293-307, | perceived strengths | combination of | consumer data.
2010. and weaknesses of | unwanted words and

the product, even as | phrases

the normally

assigned  product

rankings represent

its overall rating.
C. W.-K. Leung, S. | This paper | In this paper you have | This paper  has | 1) more time
C.-F. Chan, F.-L. | proposes the novel | randomly divided the | described in this | required
Chung, and G. Ngai, | Probabilistic Rating | data sets into five | article the proposed | 2) does not
“A probabilistic | inference subfolders, about the | framework for | work on large
rating inference | Framework, known | same size. This | measurement dataset.
framework for mining | as the asp Ref, to be | repeated each test in | standards, known as
user preferences from | selected by mining | five  folders, and | PREF, which includes
reviews,” World | users from the | reported all results | the steps involved,
Wide Web, vol. 14, | revision and to treat | based on five test | with the key functions
no. 2, pp. 187-215, | the preferences on | ratings. and design problems

2011.

the rating scale

for each step.
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G. Linden, B. Smith, | Amazon.com Instead of comparing | an excellent advice | 1) Scalability
and J. York, | Recommendations: | the user with the same | set of rules is scalable | 2) Hard to
“Amazon.com Item-to-Item customers, the shared | over  very large | include side
Recommendations: Collaborative filtering of each item | purchaser bases and | feature for
Item-to-Item Filtering. corresponds to the | product catalogs, is | query
Collaborative purchased and | able to react right now
Filtering,” IEEE measured users of the | to changes in a
Internet Computing, same items,, then | consumer’s data,
vol. 7, no. 1,2003, pp. combines those similar | make suggestions for
76-80. items into a | anybody irrespective

recommendation list. of purchase rate.
A. Sharma, J.M. | Measuring the | The simple structure | The standard click | 1) Not a
Hoffman, D.J. Watts, | Consequential model separates the | levels generated by | recommender
“Estimating the | Impact of | recommended clicks | this method provide | systems expert
Causal Impact of | Recommended into a causal click and | an overview of the | by far,
Recommendation Programs from | a simple click, | overall impact of the | 2) Less
Systems from | viewing data indicating the general | complimentary accuracy
Observational Data,” difficulty of finding the | programs
Proc. 16th ACM causal values.
Conf. Economics and
Computation, 2015,
pp. 453—470.
C.A. Gomez-Uribe | The Netflix | This algorithm orders | Recommender 1) it is not clear
and N. Hunt, “The | Recommender the entire catalog of | structures can make | what metric
Netflix System: videos (Subsets | useful predictions for | range across all
Recommender Algorithms, selected by genre or | areas where human | algorithms
System: Algorithms, | Business ~ Value, | other variation) | capacity is not really | could lead to
Business Value, and | and Innovation Profiles individually | high enough to enjoy | better
Innovation,” ACM for each member. enough to normalize | translation  of
Trans. Management usefulness on the tail. | offline testing.
Information Systems,
vol. 6, no. 4, 2016, pp.
1-19.
B. Smith, R. | System for | Part of the analysis that | The scope of the | 1) The major
Whitman, and G. | detecting can generate | invention is defined | drawback is of
Chanda, System for | probabilistic systematic correlations | only by claims, which | time and space.
Detecting associations is the relationship | are intended to be
Probabilistic between items between certain items | interpreted ~ without
Associations between by determining the | reference. Or
Items, US Patent number of users who | implicitly included in
8,239,287, to selected items and by | any incorporated-by
Amazon.com, Patent measuring the | reference materials.
and Trademark likelihood that the
Office, 2012. second number of

users would select
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items due to random
risk.
K. Chakrabarti and B. | technique and | A recommendation | Low quality | 1) Lack of Data
Smith, Method and | device for | interface configured to | recommendation 2) Limitation on
System for | associating remarks | enable the wusers to | rules may be theresult | use of
Associating Feedback | with view the personalized | of  unusual user | algorithms
with recommendation item recommendations | activity over a period
Recommendation policies generated by  the | of time, or from the
Rules, US Patent recommendation limiting of mining
8,090,621, to service and to provide | algorithms used to
Amazon.com, Patent explicit feedback on | generate
and Trademark particular item | recommendation
Office, 2012. recommendations. rules.

II1. PROBLEM STATEMENT

3.1. Problem Statement

Throughout this modern-day buy the active client attempts to appropriately estimate the seller due to any product
advice to buy more. The seller's client base and the seller's powerful purchaser balance have two goals: First, clients
are looking for a sure degree of privateers and anonymity; second, clients can also want to offer products that fine suit
their wishes and specs. Many product advice systems look for these requirements. However, we're transferring ahead
as small net outlets have the following boundaries: much less computer sources and smaller data pools. Consequently,
our set of rules have to restrict its utility necessities and do something with the complete records. Therefore, our
algorithm should limit its application requirements and do anything with the whole data.

3.2. Goals and Objectives
e Satisfy the user and company via finding best competitor.
o Efficient way to find the competitor based on product and product feature.
e Develop system who can find the best competitor in unstructured data.

IV. PROPOSED SYSTEM

In this paper, we present a Recommendation system that plays a crucial role in increasing performance of an e-
commerce system. Hence there are many studies about designing various recommendation systems using various
approaches. Some of them focused on customer behavior; here are some of these studies. In latest times, a substantiated
one-to-one marketing procedure has caught experimenter’s attention, along with the rapid growth of electronic
commerce. Item-based and user-based collaborative filtering are the most effective and successful for businesses.
Wang etal. stated a way that mixes prognostications of item’s rating from other customers and ratings of another item
from the similar customer, and other same ratings from other same end customer. The model gives better suggestions
indeed on problems.
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V.SYSTEM ARCHITECTURE
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Figure 1: System Architecture

VI. REQUIREMENTS SOFTWARE AND HARDWARE
6.1. Hardware Requirement Specification
There should be required devices to interact with software.
e  System: Pentium IV 2.4 GHz.
e Hard Disk: 40 GB.
e Ram: 256 Mb

6.2. Software Requirement Specification
e  Operating System: Windows XP/7.
e Coding Language: JAVA
e IDE: Java eclipse
e  Web Server: Apache Tomcat 7

VII. CONCLUSION AND FUTURE WORK
This paper outlines what RS can be used to address challenges. These challenges include cold-start, sparseness,
diversity and scalability. As provided in the relevant writings, this paper addresses some of these challenges but not
all of them. The proposed system uses statistical methods and analyzes to calculate a number of features (customer
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behavior) to create a list of recommendations that provide recommendations close to customer preferences.
Experimental results showed better performance than other systems. As a future task, the questionnaire can be used
to collect customer feedback after purchasing a product by asking a number of specific questions from customers that

will help improve website performance and provide a better feedback system.
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