(4 IJARSCT ISSN (Online) 2581-9429

xx International Journal of Advanced Research in Science, Communication and Technology (IJARSCT)
IJARSCT

Impact Factor: 6.252

Various Cancer Detection Using Machine Learning

Prof. Naved Raza Q. Ali!, Rushabh Shaha?, Sudhanshoo Sarage®, Vaibhav Bhat!, Amrit Razdan®
Project Guide, Department of Computer Engineering'
Projecties, Department of Computer Engineering?3*°
Smt. Kashibai Navale College of Engineering, Pune, Maharashtra, India
rushabhshaha26@gmail.com?, sudhanshoosarage0@gmail.com?, bhatvaibhav1304@gmail.com®,
amritrazdan657@gmail.com?

Volume 2, Issue 1, May 2022

Abstract: Breast cancer is the most common disease among women, affecting 2.1 million women each year,
and it also causes the most cancer-related deaths among women, according to the World Health Organization
(WHQO). Breast cancer claimed the lives of 627,000 women in 2018, or around 15 percent of all women. While
incidence of breast cancer are greater among women in more developed countries, they are rising in
practically every location around the world. Early detection is crucial for improving breast cancer outcomes
and survival. The goal of this study is to find effective image enhancing techniques for detecting the early
signs of skin cancer. Oncologists will need to identify the bulging regions on skin pictures in order to make a
proper diagnosis. We think about well-known image improvement.
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1. INTRODUCTION
Cancer is a condition in which some cells in the body grow out of control and spread to other parts of the body. The
disruption to the ozone layer in the atmosphere, which allows more UV light to flow through, is causing a large increase in
the incidence of skin cancer each year. Given this circumstance, it is critical to develop a simple image processing
technology that may be utilised to detect skin cancer early. Breast cancer (BC) is one of the main causes of death in women
globally, accounting for around 15 percent of all deaths. Oral cancer is one of the most common diseases, with late detection,
high mortality rates, and significant morbidity. In 2018, GLOBOCAN predicted 354,864 new cases and 177,384 deaths.

II. PROPOSED SYSTEM
We discover many types of cancer in our project. We try to detect all types of cancer at an early stage because cancer is
a major problem or disease in human life. So, here are a few types of cancer: breast cancer, oral cancer, and skin cancer.

III. MOTIVATION
Many cancer researchers have realised in recent years that cancer can be a systemic illness nearly from the beginning. It's
also becoming clear that most cancers are already advanced when they're brought to a doctor's attention by a patient. The
visible lesion may be eliminated, but the seeds have progressed far enough in their development, or the body's response to
them has degraded far enough, that the patient is not cured.

IV. OBJECTIVES
We'll be developing a model that can tell if someone has cancer or not. To diagnose breast cancer in its early stages, we
will employ a variety of datasets. To identify skin cancer and oral cancer, we will use a variety of technologies such as
machine learning and image processing.

V. LITERATURE REVIEW
":Near-Field Tapered Waveguide Probe Operating at Millimeter Waves for Skin Cancer Detection," by Umair Khokhar,
S.A.R. Naqvi, Noor Al-Badri, K. Bialkowski, and Amin Ab bosh [1] - Skin cancer can be detected early using near-field
millimeter-wave imaging, which is a non-invasive technique. A instrument like this detects changes in the phase and
amplitude of reflected signals from the skin by using high frequency electromagnetic fields at mmwave frequencies. The

fields do not radiate out from the probe in the near-field approach, but are limited around its open end. A tapered waveguide
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probe is built and modelled at 30 GHz in this paper. Electromagnetic simulations are used to determine the behaviour of the
electric field around the open end of the waveguide, as well as the alterations in the reflection coefficient (magnitude and
phase) when the probe is used to examine healthy and diseased skin models. The preliminary results show that such a probe
has the ability to identify skin cancer.

Amin M. Abbosh, Giulia Mansutti, Ahmed Toaha Mobashsher, and Giulia Mansutti, - Nearfield Skin Cancer Detection
Using a Millimeter-wave Substrate Integrated Waveguide Probe ([2]) Millimeter-wave near-field probes have recently
received a lot of interest and are thought to be a promising method for detecting skin cancer. These devices rely on traditional
waveguides to achieve adequate performance, which makes the production process laborious and costly. The design of a
substrate integrated waveguide (SIW) probe that overcomes fabrication problems is presented in this paper. A microstrip-
to-SIW transition is used to stimulate the probe, which is tapered at the end to boost the electric field intensity on the skin
surface. The probe's operation is determined by a shift in its resonance frequency caused by the skin's dielectric.

Early Detection of Skin Cancer Using Deep Learning Architectures: Resnet-101 and Inception-v3 [3] by Ahmet DEMIR
and Feyza YILMAZ. Skin cancer is one of the most often diagnosed cancers in humans. Skin cancer is caused by the
unregulated growth of mutations in DNA as a result of a variety of factors. Early detection of cancer could improve the
chances of a successful treatment. Computer-assisted diagnosis software is now employed in practically every field. The
health sector is one of the most commonly used areas. Biomedical datasets are built by storing information about sick people
on computers. By classifying our dataset photos as benign or malignant, we hope to develop an effective method for early
detection of skin cancer. There are 2437 training photos, 660 test images, and 200 validation images in our dataset. The
classification challenge is carried out using the deep learning architectures ResNet-101 and Inception-v3. An accuracy rating
of 84.09accuracy rate of 87.42 is obtained once the gathered results are analysed.

Derin Ogrenme Y ontemleri ile Cilt Kanseri Te shisi Deep Learning Based Skin Cancer Alper ARIK, Mesut GOLC UK,"
Derin Ogrenme Y ontemleri ile Cilt Kanseri Te shisi [4] Diagnosis: Skin cancer is becoming a life-threatening condition
that kills people. Skin cancer is caused by the abnormal development of melanocytic cells. Melanoma is the name given to
skin cancer that has a malig nancy trait. Melanoma develops on the skin as a result of UV exposure and hereditary factors.
Melanoma lesions are hence dark or brown in colour. Melanoma can be entirely cured if caught early. A traditional way for
identifying skin cancer is a biopsy. This procedure is both uncomfortable and intrusive. This procedure necessitates
laboratory testing, which takes time. As a result, computer-assisted skin cancer diagnosis is required to address the
aforementioned difficulties. Dermoscopy is used in computer aided diagnosis to capture skin images. The skin picture is
initially pre-processed in this paper. Following pre-processing, the lesion component is segmented using an image
segmentation technique, followed by feature extraction, which extracts unique features from the segmented lesion.
Following feature extraction, the skin image is classified as normal skin or melanoma skin cancer using support vector
machine classification. The findings of the suggested system reveal that a support vector machine with a linear kernel
provides the best accuracy.
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VI. SYSTEM ANALYSIS
6.1 System Architecture
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Figure: System Architecture

VII. ALGORITHM
7.1 CNN (Convolutional Neural Network)

Convolutional neural networks (CNNs) are a type of deep learning neural networks. In a word, CNN is a machine learning
algorithm that can take an input image and assign importance (learnable weights and biases) to various aspects/objects in
the image, as well as identify one from the other. CNN works by pulling information from videos. The following components
make up a CNN:

e The input layer is a grayscale image.

e The output layer, which is made up of binary or multi-class labels.

e  The hidden layers include convolution layers, ReLU (rectified linear unit) layers, pooling layers, and a fully linked
Neural Network.

e It's vital to understand that ANNSs, or Artificial Neural Networks, are incapable of extracting characteristics from
photos because they're made up of many neurons. A convolution and pooling layer combination is used in this
case. Similarly, classification is impossible with the convolution and pooling layers, necessitating the deployment
of a fully connected Neural Network.

VIII. MATHEMATICAL MODEL
e Let S be the Whole system S= {I, P, O}

e [-input

e  P-procedure

e O-output

e Input(l)

e [= {Various Cancer Detection dataset}
e  Where

e Dataset->

e images

e  Procedure (P),
e P={I, Using I System perform operations and calculate the prediction}
e Output(O)-O= {Detected Cancer}
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IX. CONCLUSION

This project will be done using python. in this project we will learn to built the various cancer predictors on the dataset.
and on the basic of image dataset we will create results and detect cancer types. it has been observed that a good dataset
provides better accuracy. we detect cancer in early stage and give proper response to human.
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