£ IJARSCT

xx International Journal of Advanced Research in Science, Communication and Technology
IJARSCT International Open-Access, Double-Blind, Peer-Reviewed, Refereed, Multidisciplinary Online Journal

ISSN: 2581-9429 Volume 5, Issue 6, June 2025 Impact gct;r: 7.67
Generative Al in Education: A Survey of Current

Research and Practice

Yash Ahirrao, Parth Badrayani, Harshali Bagul, Manjiri Chaukaskar, Prof. Aparna Mote
Students, Computer Engineering
Head of the Department, Computer Engineering
Zeal College of Engineering and Research, Narhe, Pune, Maharashtra, India

Abstract: This research paper presents the development of a Generative AI-Based Virtual Study Guide
designed to revolutionize personalized learning by dynamically creating content tailored to individual
student needs. Through the use of advanced Al technologies, including natural language processing
(NLP) and deep learning, the system analyzes each student’s unique learning goals, preferences, and
performance metrics to generate customized study resources. These resources include concise
summaries, adaptive quizzes, and interactive explanations that are continuously refined to align with the
student's learning pace, subject preferences, and comprehension level. By offering targeted support in
real time, the Al-driven study guide promotes deeper engagement and enhances knowledge retention,
addressing the diverse needs of learners across various educational contexts. The project demonstrates
the transformative potential of Al in education, not only as a tool for scalable personalization but also as
a model for future innovations aimed at improving learning efficiency and outcomes.
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I. INTRODUCTION
Generative Al models, extensive language models (LLMs), are rapidly transforming various aspects of society,
including education. This survey paper delves into the current research and practice on the use of generative Al in
education, focusing on it capabilities, implications, and challenges.

1.1 IMPLICATIONS OF GENERATIVE AI FOR LEARNING AND TEACHING

A. Personalized learning : Generative Al can personalize content, guidance, and support to each learners individual
needs and preferences, promoting individualized learning journeys been recognized for their ability to learn features
directly from images, leading to stronger localization many areas. B. Increased efficiency: Generative Al can automate
tasks such as grading and content creation, freeing up educators time to focus on more meaningful aspects of teaching.
C. Improved engagement: Generative Al can create interactive and dynamic learning environments, enhancing learner
engagement and motivation. D. New pedagogical approaches: Generative Al enables the development of new
pedagogical approaches, such as Al-assisted learning and personalized learning paths, fostering innovative teaching
strategies.

1.2 CAPABILITIES OF GENERATIVE AI IN EDUCATION

LLMs like ChatGPT possess a wide range of capabilities that can be applied to various educational tasks, as
demonstrated in recent research.These capabilities include: A. Answering questions on various topics: LLMs can
provide accurate and comprehensive answers to a wide range of questions, from factual to conceptual. B. Generating
different creative text formats: LLMs can generate various creative text formats, including poems, code, scripts,
musical pieces, emails, and letters, fostering creativity and expression. C. Translating languages: LLMs can translate
languages seamlessly, facilitating communication and understanding across different linguistic backgrounds. D.
Summarizing factual topics or creating stories: LLMs can summarize complex topics or create engaging stories,

Copyright to IJARSCT DOI: 10.48175/568 489
www.ijarsct.co.in

[/ 1ssn W
| 2581-0429 |1

&\ ARSCT /¢




({ IJARSCT

xx International Journal of Advanced Research in Science, Communication and Technology l\
IJARSCT International Open-Access, Double-Blind, Peer-Reviewed, Refereed, Multidisciplinary Online Journal

ISSN: 2581-9429 Volume 5, Issue 6, June 2025 Impact Factor: 7.67

enhancing comprehension and knowledge retention. E. Providing personalized feedback and support: LLMs can
provide personalized feedback and support to learners, catering to their individual needs and learning styles.

II. SYSTEM ARCHITECTURE
The architecture depicted in the diagram represents the flow of a Generative Al-Based Virtual Study Guide system. It
begins with User Interaction through a web or mobile app where the user submits queries. These queries are processed
by an API Gateway, which handles requests and routes them to the appropriate components. The NLP Processing unit
is responsible for extracting intent and key entities from the query, feeding this information to the Generative AI Model
(such as a GPT model) that generates the appropriate response. Next, the system consults a Knowledge Retrieval
Engine to search the knowledge base for additional relevant information. The API Gateway then sends the response
back to the user. Throughout this process, the system utilizes Session Management to track and store session data.
Learning Analytics analyzes user interactions to improve personalization and adapt the content over time. Finally, the
system incorporates Authentication and Security to ensure secure access and Hosting & Scalability (using cloud
services and containerization) to support flexible deployment and growth. The system consists of the following
components:
A. User Interaction: Users ask a question via a Web or Mobile Application.
B. API Gateway Receives Query: API Gateway routes the query to the NLP module for processing.
C. Query Analysis (NLP Module): Passes query details to the Generative Al Model.
D. Query Generation (Generative AI Model): It generates a response using pre-trained/fine-tuned GPTbased models.
E. Knowledge Retrieval: It searches the Knowledge Base for supporting facts or documents..
F. Send Response to User: Response is returned to the user through the API Gateway and displayed in the UL
G. Session Management: Stores user query and session data in User Database.
H. Learning Analytics: Analyzes user interaction to improve system personalization and performance.
I. Security & Authentication: Ensure authentication (OAuth 2.0/JWT) and encrypt user data for secure transactions.
J. Hosting & Scalability: Hosted on cloud infrastructure (AWS, Azure, or Google Cloud) with containerized services
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Fig. 1 Proposed System Architecture
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Fig. 4.2 Proposed System Flowchart
A. Start: User accesses the platform through a web browser.
B. User Input
a. Option 1: User types a text query.
b. Option 2: User provides a voice query.
C. Voice Processing (if voice input is selected)
. Speech-to-Text Conversion: Converts the user’s voice input to text.
b. Proceed with Text Query: The converted text is processed like any other text query.
D. Natural Language Processing (NLP) with ML Model
a. ML Training: The system is trained using machine learning to recognize various types of academic queries,
specific terminology, and user intent.
b. The trained model identifies key phrases, intent, and context in the query, improving accuracy over time with more
data.
E. Generative Al (ChatGPT) a. Uses the processed query to:
i. Search the Knowledge Base (study materials, PYQs, reference books).
ii. Access YouTube Search Integration to find relevant video resources.
F. Data Retrieval
a. Option 1: If a match is found in the Study Material Database, retrieve and structure the content.
b. Option 2: If no exact match is found, generate a response based on general information using ChatGPT.
G. Response Generation
a. Combines information from the study material and ChatGPT’s explanation.
b. Adds YouTube links if applicable for a multimedia response.
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H. Output Deliver
a. Displays the response to the user in the interface.
b. Provides an interactive display with text explanations, video links, or document downloads if available
1. End Process completes, awaiting the next query.

IV. CHALLENGES OF GENERATIVE AI IN EDUCATION
Despite the potential benefits, there are challenges associated with using generative Al in education:
Accuracy
Generative Al models may sometimes produce inaccurate or biased content, requiring careful evaluation and oversight
[1,2,3,4,5,6,7,8,9,10].
Academic integrity
The use of generative Al raises concerns about plagiarism and cheating, necessitating the development of strategies to
ensure academic integrity [1, 2, 3,4,5,6,7, 8,9, 10].
Over-reliance
Over-reliance on generative Al may hinder the development of critical thinking and problemsolving skills, requiring a
balanced approach to its use [1, 2, 3,4, 5,6,7, 8,9, 10].
Equity and access
Ensuring equitable access to generative Al technologies for all students is crucial to avoid exacerbating existing
disparities [1, 2, 3,4, 5,6, 7, 8, 9, 10].

V. CURRENT PRACTICES OF GENERATIVE AI IN EDUCATION
Several studies highlight current practices of generative Al in education:
1. Al-assisted learning platforms: Al-powered platforms provide personalized learning experiences, adaptive
assessments, and intelligent tutoring [1, 4, 8, 9].
2. Chatbots for personalized support and feedback: Chatbots offer timely support, answer questions, and provide
personalized feedback to learners [2, 3, 5].
3. Al-powered content generation and assessment: Al can generate engaging learning materials, such as quizzes,
assignments, and presentations, and automate assessments [1, 4, 8].
4. Adaptive learning systems and personalized learning paths: Al can adapt learning paths and content to individual
learners' needs and progress, optimizing learning outcomes [1, 6].
5. Emotional intelligence support: Al can provide emotional support to learners, fostering a positive and supportive
learning environment [1, 6].

VI. FUTURE SCOPE
Future research and practice should focus on continuous improvement of AI models which is crucial to ensure
accuracy, fairness, and effectiveness in educational applications. Ethical guidelines and policies are necessary to
address concerns about bias, privacy, and academic integrity. Effective integration of Al into existing educational
practices requires careful planning, training, and support for educators. Equipping educators and students with the
knowledge and skills to use Al effectively is essential for successful implementation.

VII. CONCLUSION
Generative Al has the potential to revolutionize education by providing personalized, efficient, and engaging learning
experiences. However, it is essential to address the associated challenges and ensure responsible implementation to
maximize the benefits of this technology for all students.
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