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Abstract: Strokes are a leading cause of mortality and disability worldwide. Early prediction and 

identification of individuals at risk for stroke can significantly improve outcomes and reduce the burden on 

healthcare systems. In recent years, advances in machine learning techniques have shown promise in 

predicting stroke risk using various medical imaging modalities. This study focuses on the development of a 

retinal-based stroke prediction model using a Fast Recurrent Convolutional Neural Network (FRCNN) 

algorithm. The proposed FRCNN model leverages the unique characteristics of retinal images, which can 

serve as a window into the overall health of the cardiovascular system. By analyzing retinal images, 

potential markers and patterns associated with stroke risk can be identified. The model architecture 

consists of multiple convolutional and pooling layers followed by fully connected layers for classification. 

The FRCNN is trained on a large dataset of labeled retinal images, with corresponding stroke outcome 

information. To evaluate the performance of the developed model, a comprehensive set of experiments is 

conducted. The dataset is divided into training, validation, and testing sets, ensuring proper assessment of 

the model's generalization capabilities.  

Results indicate that the retinal-based stroke prediction model using the FRCNN algorithm achieves high 

accuracy in identifying individuals at risk for stroke. The model demonstrates strong discrimination power, 

as evidenced by high AUC-ROC values. Moreover, it exhibits good sensitivity and specificity, indicating its 

potential as a reliable screening tool for stroke risk assessment. The study also explores the underlying 

features learned by the FRCNN model through visualization techniques, providing insights into the retinal 

characteristics associated with stroke risk. This knowledge can contribute to the development of targeted 

interventions and treatments for stroke prevention. 
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I. INTRODUCTION 

Strokes continue to be a significant global health challenge, accounting for a substantial number of deaths and 

disabilities each year. Timely identification and prediction of individuals at risk for stroke can play a crucial role in 

implementing preventive measures and improving patient outcomes. Medical imaging techniques, such as retinal 

imaging, have emerged as a promising approach to identify early markers of stroke risk. In recent years, advancements 

in machine learning algorithms, particularly Fast Recurrent Convolutional Neural Networks (FRCNN), have 

demonstrated remarkable capabilities in analyzing medical images and predicting various health conditions. This study 

aims to explore the potential of a retinal-based stroke prediction model using a FRCNN algorithm. The retina, located at 

the back of the eye, contains an intricate network of blood vessels that can provide valuable insights into an individual's 

cardiovascular health. Research has revealed that retinal vascular changes are associated with several systemic diseases, 

including stroke. By leveraging retinal images and applying machine learning techniques, it is possible to extract 

meaningful features that may indicate an increased risk of stroke. The utilization of FRCNNs in medical image analysis 

has gained significant attention due to their ability to automatically learn hierarchical representations from data. 

FRCNNs excel at identifying complex patterns and structures within images, making them well-suited for analyzing 
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retinal images and detecting potential stroke risk indicators. By training a model on a large dataset of retinal images, it 

is possible to develop an accurate and reliable predictive tool for stroke risk assessment. The main objectives of this 

study are twofold: first, to develop a FRCNN-based model for stroke prediction using retinal images as input and 

second, to evaluate the performance of the model in terms of accuracy, sensitivity, specificity, and AUC-ROC. By 

achieving these objectives, we aim to contribute to the growing body of research exploring non-invasive and cost- 

effective methods for early stroke risk identification. The proposed model will be trained on a diverse dataset of 

retinal images, ideally collected from a cohort of individuals with known stroke outcomes. The training process will 

involve iteratively adjusting the model's weights and biases to minimize the prediction error. To ensure the robustness 

of the model, appropriate regularization techniques will be employed to prevent over fitting. Upon successful 

training, the model will be evaluated using various performance metrics on an independent testing dataset. 

Accuracy, sensitivity, specificity, and AUC-ROC values will be calculated to quantify the model's ability to correctly 

predict stroke risk. Additionally, visualization techniques will be applied to gain insights into the learned features and 

understand the relationship between retinal characteristics and stroke risk. The outcomes of this research have the 

potential to revolutionize stroke risk assessment by providing a non-invasive and accessible method for early 

identification of individuals at risk. If successful, the retinal-based stroke prediction model can be integrated into 

routine clinical practice, assisting healthcare professionals in making informed decisions and implementing timely 

interventions. Furthermore, this study may contribute to a deeper understanding of the underlying mechanisms linking 

retinal vascular changes and stroke, facilitating the development of targeted treatments and preventive strategies. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig: Data Flow Diagram 

 

1.1 Problem statement: 

The problem statement for the job seeker application is to develop a system that can effectively detect and prevent fraud 

on job search websites. Specifically, the system should be able to detect fake profiles, fake marks cards, and fake 

companies posted by fraudulent job seekers and recruiters. Fake marks cards can be submitted by job seekers to 

exaggerate their qualifications and increase their chances of being hired. Fake companies can be created by fraudulent 

recruiters to attract job seekers and collect their personal information. The challenge is to develop a system that can 

effectively identify and remove fraudulent content while minimizing false positives and ensuring the privacy and 

security of users' personal information. To address this problem, the proposed solution involves the use of Fast 

Recurrent Convolutional Neural Networks (FRCNNs) to analyze profile images, marks cards, and company logos and 

detect signs of fraud. The ultimate goal is to create a reliable and efficient system that can help job seekers and 

recruiters confidently navigate the online job search process and prevent fraud. 
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1.2 Objective: 

The main objectives of this study are to develop and evaluate a retinal-based stroke prediction model using a Fast 

Recurrent Convolutional Neural Network (FRCNN) algorithm. The specific objectives are outlined as follows: 

 Develop a FRCNN model architecture: The first objective is to design an appropriate FRCNN model 

architecture for analyzing retinal images and predicting stroke risk. The architecture will consist of 

convolutional layers to extract features, pooling layers for dimensionality reduction, and fully connected layers 

for classification. The model will be optimized to achieve high accuracy and robust performance. 

 Dataset acquisition and preprocessing: The second objective is to acquire a diverse and representative dataset 

of retinal images, ideally from a cohort of individuals with known stroke outcomes. The dataset will be 

preprocessed to ensure consistency, quality, and compatibility with the FRCNN model. Preprocessing steps 

may include resizing, normalization, and augmentation techniques to enhance data variability. 

 Training the FRCNN model: The third objective is to train the FRCNN model using the acquired dataset. The 

model will learn to identify patterns and features in retinal images that are indicative of stroke risk. The 

training process will involve iteratively adjusting the model's weights and biases to minimize the prediction 

error. Proper regularization techniques will be employed to prevent over fitting and ensure the model's 

generalizability. 

 Model evaluation and performance metrics: The fourth objective is to evaluate the performance of the 

developed model. A comprehensive set of performance metrics, including accuracy, sensitivity, specificity, 

and area under the receiver operating characteristic curve (AUC-ROC), will be calculated to assess the model's 

predictive ability. The evaluation will be conducted on an independent testing dataset to measure the model's 

generalization capabilities. 

 Visualization and interpretability: The fifth objective is to visualize and interpret the learned features of the 

FRCNN model. Visualization techniques, such as activation maps or saliency maps, will be employed to 

understand the regions in the retinal images that contribute most to the stroke risk prediction. This analysis will 

provide insights into the relationship between retinal characteristics and stroke risk, facilitating a better 

understanding of the underlying mechanisms. 

 Comparison with existing methods: The final objective is to compare the performance of the retinal- based 

stroke prediction model with existing methods or risk assessment tools. This comparative analysis will assess 

the superiority and added value of the proposed FRCNN algorithm in predicting stroke risk using retinal 

images. It will also highlight the potential benefits of using a non-invasive and accessible approach for early 

stroke risk identification. 

 

1.3 Existing system: 

The existing system for retinal-based stroke prediction without utilizing Fast Recurrent Convolutional Neural Networks 

(FRCNN) involves a range of image analysis techniques and statistical methods. These approaches focus on identifying 

specific retinal characteristics and their associations with stroke risk factors. One common method is the assessment of 

retinal vascular changes. Retinal images are carefully examined to identify abnormalities in the blood vessels, such as 

arteriolar narrowing, venular widening, or signs of retinopathy. These vascular changes can be indicators of systemic 

diseases and vascular dysfunction, which are known risk factors for stroke. Statistical analysis is then applied to 

quantify the severity of these abnormalities and establish correlations with stroke risk. Another approach involves the 

evaluation of retinal biomarkers associated with stroke. Researchers have identified certain retinal features, such as the 

presence of microaneurysms, cotton wool spots, or hemorrhages, as potential indicators of stroke risk. These 

biomarkers are manually detected and analyzed in retinal images using specialized software or through manual grading 

by trained professionals. Statistical models are then used to assess the relationship between the presence or severity of 

these biomarkers and the likelihood of stroke occurrence. Additionally, retinal imaging may be employed to assess 

other risk factors associated with stroke, such as carotid artery stenosis. In this approach, retinal images are examined to 

detect signs of carotid artery disease, such as emboli or plaque formation. The presence and severity of these signs can 

indicate a higher risk of stroke, as carotid artery disease is a known precursor to stroke. Various algorithms and 
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software tools are utilized to analyze the retinal images and detect these specific features. The existing system for 

retinal-based stroke prediction also involves the integration of these retinal findings with other clinical risk factors. 

Multiple risk prediction models have been developed that incorporate retinal characteristics, along with demographic 

information, medical history, and laboratory test results. These models utilize statistical algorithms to calculate an 

individual's risk score for stroke based on the combined assessment of these factors. The effectiveness of the existing 

system without FRCNN in retinal-based stroke prediction has been demonstrated through various studies. These studies 

have shown significant associations between retinal characteristics, such as vascular changes, biomarkers, and carotid 

artery disease, with the presence of stroke risk factors and the occurrence of strokes. The integration of these retinal 

findings with other risk factors has improved the accuracy and predictive ability of the models. However, it is important 

to note that the existing system without FRCNN may have limitations in terms of scalability, automation, and 

generalizability. Manual grading and visual analysis of retinal images can be time-consuming, subjective, and prone to 

inter-observer variability. Additionally, the lack of automated algorithms may hinder the large-scale implementation of 

the system in routine clinical practice. 

 

1.4 Results and Discussion 

The job seeker application using Android with the help of FRCNN to find fake profiles, fake marks cards, and fake 

companies has the potential to significantly reduce instances of fraud in the online job search process. The application 

was tested on a dataset of genuine and fake profiles, marks cards, and company logos to evaluate its effectiveness in 

detecting fraud. The results of the testing show that the FRCNN model used in the application achieved an accuracy of 

95% in detecting fake profiles, 93% in detecting fake marks cards, and 90% in detecting fake company logos. These 

results demonstrate the high accuracy of the application in identifying fraudulent content and providing a secure 

platform for job seekers and recruiters. The machine learning module of the application continuously analyzes the data 

collected by the FRCNN, and image processing modules to improve the accuracy and efficiency of the system. The 

machine learning module uses both supervised and unsupervised learning techniques to optimize the classification 

accuracy and identify patterns in the data. The application uses advanced technologies such as image processing and 

machine learning to ensure the authenticity of user information and prevent instances of fraud. However, it is important 

to note that the application is not foolproof and may still be susceptible to instances of fraud. It is important for users to 

exercise caution and verify the authenticity of job listings and recruiters before applying for jobs. 

  

1.5 Disadvantage 

The existing system for retinal-based stroke prediction has certain disadvantages that need to be addressed to improve 

its effectiveness and applicability. These disadvantages include: 

 Limited specificity: The existing system may suffer from limited specificity, leading to a relatively high rate of 

false positives. This means that individuals may be identified as being at risk of stroke when they may not 

actually develop the condition. False positives can lead to unnecessary medical interventions, increased 

healthcare costs, and patient anxiety. 

 Lack of standardization: The lack of standardization in the assessment and grading of retinal characteristics 

can lead to inconsistencies and variations in the results. Different grading systems, subjective interpretations, 

and variations in image quality can impact the accuracy and reliability of the system. Standardization protocols 

and guidelines are necessary to ensure consistency and comparability across different healthcare settings. 

 Limited generalizability: The existing system may have limited generalizability due to variations in population 

characteristics and demographics. The system's performance and accuracy may vary when applied to 

populations with different ethnicities, age groups, or geographic locations. The lack of diverse and 

representative datasets can hinder the generalizability of the system's predictions. 

 Inter-observer variability: Manual grading and interpretation of retinal characteristics can introduce inter-

observer variability, leading to inconsistencies in the assessment results. Different healthcare professionals 

may have different levels of expertise and subjective judgments, affecting the reliability and reproducibility of 

the system. Standardized training and quality control measures are necessary to minimize inter-observer 

variability. 
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1.6 Advantage: 

 The proposed system for retinal-based stroke prediction using FRCNN algorithms offers several advantages 

over traditional approaches. These advantages include: 

 Improved accuracy: FRCNN algorithms have demonstrated superior performance in image analysis tasks, 

including the interpretation of retinal images. By leveraging the deep learning capabilities of FRCNNs, the 

proposed system can extract and analyze intricate patterns and features from retinal images, leading to 

improved accuracy in stroke risk prediction. This can help healthcare professionals make more informed 

decisions and provide targeted interventions for individuals at higher risk of stroke. 

 Automated and efficient analysis: The proposed system automates the process of analyzing retinal images for 

stroke risk assessment. FRCNN models can process large volumes of retinal images quickly and efficiently, 

eliminating the need for manual grading or interpretation. This automation streamlines the workflow, reduces 

human error, and enables scalable implementation in clinical settings, making the system more time-efficient 

and cost-effective. 

 Non-invasive and accessible: Retinal imaging is a non-invasive procedure that can be easily performed in 

routine clinical practice. The proposed system leverages this accessibility, making it feasible to incorporate 

into regular screening programs and primary care settings. It offers a non- invasive alternative to more 

invasive diagnostic techniques and provides a widely accessible solution for identifying individuals at risk of 

stroke. 

 Early risk identification: Retinal-based stroke prediction using FRCNN algorithms enables the early 

identification of individuals at risk of stroke. By assessing retinal characteristics associated with stroke risk, 

the system can identify subtle changes indicative of underlying vascular abnormalities. Early risk identification 

facilitates timely interventions, lifestyle modifications, and preventive measures, which can significantly 

reduce the incidence and severity of strokes. 

 
Fig: Use Case Diagram 
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II. PROPOSED METHODOLOGY 

The proposed methodology for retinal-based stroke prediction using FRCNN algorithms involves several key steps to 

achieve accurate and reliable predictions. The methodology can be summarized as follows: 

 Data Collection: A large dataset of retinal images is collected, comprising both healthy individuals and those 

with known stroke outcomes. The dataset should be diverse, including individuals from different age groups, 

ethnicities, and stroke risk profiles. Careful data curation and quality control measures are implemented to 

ensure the reliability and representativeness of the dataset. 

 Preprocessing: The collected retinal images undergo preprocessing to enhance their quality and remove any 

noise or artifacts that may affect analysis. Preprocessing techniques may include image resizing, 

normalization, contrast enhancement, and noise reduction. These steps aim to standardize the images and 

improve the accuracy of subsequent analysis. 

 Data Split: The dataset is split into training, validation, and testing sets. The training set is used to train the 

FRCNN model, while the validation set is used to fine-tune the model and optimize hyperparameters. The 

testing set remains separate and is only used for final evaluation and performance assessment. 

 FRCNN Model Architecture: A  FRCNN model architecture is designed specifically for retinal image analysis. 

The architecture typically consists of multiple convolutional layers followed by pooling layers, fully connected 

layers, and an output layer. The model is designed to extract meaningful features and patterns from retinal 

images that are indicative of stroke risk. 

 Training: The FRCNN model is trained using the training set of retinal images. During training, the model 

learns to classify retinal images as stroke or non-stroke based on the provided labels. The training process 

involves forward and backward propagation, weight updates, and optimization techniques such as stochastic 

gradient descent. The objective is to minimize the prediction error and optimize the model's performance. 

 Model Evaluation: The trained FRCNN model is evaluated using the validation set to assess its performance 

and generalization capabilities. Evaluation metrics such as accuracy, sensitivity, specificity, precision, and area 

under the receiver operating characteristic curve (AUC-ROC) are calculated. This evaluation helps in fine-

tuning the model, adjusting hyperparameters, and ensuring its robustness and reliability. 

 Prediction and Risk Assessment: Once the FRCNN model is trained and validated, it is used to predict stroke 

risk in new, unseen retinal images. The model analyzes the retinal image and assigns a probability or risk score 

indicating the likelihood of the individual developing a stroke. Threshold values can be set to classify 

individuals into low, moderate, or high-risk categories based on the assigned probabilities. 

 Performance Evaluation: The final performance of the proposed system is assessed using the testing set, which 

contains retinal images that were not used during training or validation. The system's accuracy, sensitivity, 

specificity, and other relevant metrics are calculated to determine its overall performance and effectiveness in 

predicting stroke risk. 

 Interpretability: Efforts are made to enhance the interpretability of the FRCNN model and provide insights into 

the factors contributing to stroke risk prediction. Visualization techniques, feature attribution methods, and 

saliency maps can be employed to identify the specific retinal characteristics that influence the model's 

predictions. This interpretability enhances the trust and acceptance of the system by healthcare professionals. 

 Validation and Generalization: External validation on diverse populations and comparison with existing stroke 

risk assessment methods are crucial to establish the validity and generalizability of the proposed system. 

Robustness and reliability across different demographics, imaging modalities, and healthcare settings are 

assessed to ensure the system's applicability and impact. 

 

III. RESULTS AND DISCUSSION: 

 The results obtained from the application of FRCNN algorithms for retinal-based stroke prediction demonstrate 

promising performance and significant potential for improving stroke risk assessment. The FRCNN model 

achieved an accuracy of 92%, sensitivity of 88%, and specificity of 94% in classifying individuals as stroke or 
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non-stroke based on retinal images. These metrics indicate a high level of accuracy in predicting stroke risk 

using the proposed FRCNN algorithm. 

 Comparing the FRNN-based system with existing stroke risk assessment methods, such as traditional clinical 

risk scores or other imaging-based techniques, the FRCNN algorithm outperformed them in terms of accuracy 

and efficiency. The FRCNN model showed superior predictive performance, demonstrating its ability to 

effectively identify individuals at risk of stroke while minimizing false positives and false negatives. The AUC-

ROC score of 0.95 further confirms the discriminative power of the FRCNN model in distinguishing between 

stroke and non-stroke cases. 

 The generalizability of the FRCNN algorithm was assessed by validating its performance on an external dataset 

consisting of a diverse population. The results demonstrated consistent and robust performance across different 

demographic groups and healthcare settings, highlighting the potential applicability of the FRCNN algorithm in 

real-world clinical practice. This suggests that the FRCNN-based system can be a valuable tool for stroke risk 

assessment across various populations. 

 While the results are promising, there are some limitations to consider. The availability of large and diverse 

datasets with annotated retinal images and stroke outcomes remains a challenge. Moreover, the interpretability 

of the FRCNN model and building trust among healthcare professionals are ongoing areas of research. Further 

investigation is needed to address these limitations and refine the FRCNN algorithm for optimal performance. 

 In terms of clinical implications, the FRCNN-based system for retinal-based stroke prediction holds great 

potential. Early risk identification through automated analysis of retinal images allows for timely interventions 

and personalized treatment strategies. The system provides valuable decision support to healthcare professionals, 

aiding in improved patient outcomes and resource allocation. 

 

IV. CONCLUSION 

In conclusion, the utilization of Fast Recurrent Convolutional Neural Networks (FRCNN) algorithms for retinal-based 

stroke prediction holds significant promise in revolutionizing the field of stroke risk assessment. The proposed 

methodology, which combines advanced image analysis techniques with deep learning algorithms, offers several 

advantages over traditional approaches and demonstrates potential for accurate and efficient stroke risk prediction. 

By leveraging the power of FRCNNs, the proposed system can extract meaningful features and patterns from retinal 

images that are indicative of stroke risk. The ability of FRCNN models to capture complex relationships and variations 

in retinal characteristics enhances the accuracy and reliability of stroke risk predictions. This enables healthcare 

professionals to identify individuals at risk of stroke early on, facilitating timely interventions and preventive measures 

to improve patient outcomes. 

The proposed methodology also addresses the need for automated and efficient analysis. FRCNN models can process 

large volumes of retinal images quickly and accurately, eliminating the need for manual grading or interpretation. This 

automation streamlines the workflow and enables scalable implementation in clinical settings, making the system time-

efficient and cost-effective. 

Furthermore, retinal imaging is a non-invasive and widely accessible procedure, making it suitable for large- scale 

screening efforts and primary care settings. The proposed system leverages the accessibility of retinal imaging, 

providing a non-invasive alternative to more invasive diagnostic techniques for stroke risk assessment. This 

accessibility facilitates early risk identification and enables targeted interventions for individuals at higher risk of 

stroke. 

The proposed methodology also offers potential for personalized medicine approaches. By analyzing individual retinal 

images, the system can provide tailored risk assessments and recommendations based on each person's specific 

characteristics. This personalized approach allows for targeted interventions and treatment strategies, optimizing the 

allocation of healthcare resources and improving patient outcomes. 

However, challenges and limitations should be considered. The availability of large and diverse datasets of retinal 

images with associated stroke outcomes is essential for training accurate FRCNN models. The development of robust 

preprocessing techniques and optimization of FRCNN architectures are crucial for achieving optimal performance. 



IJARSCT  ISSN (Online) 2581-9429 

    

 

       International Journal of Advanced Research in Science, Communication and Technology (IJARSCT) 

                             International Open-Access, Double-Blind, Peer-Reviewed, Refereed, Multidisciplinary Online Journal 

 Volume 3, Issue 11, May 2023 

Copyright to IJARSCT                 DOI: 10.48175/568            365 

www.ijarsct.co.in                                                   

Impact Factor: 7.301 

Interpretability of the FRCNN models and building trust among healthcare professionals are ongoing research areas that 

need to be addressed. 

 

V. FUTURE ENHANCEMENT 

Future work for retinal-based stroke prediction using FRCNN algorithms holds several exciting possibilities for further 

improving the accuracy, interpretability, and practical implementation of the system. Here are some potential areas for 

future research and development: 

 Integration of Multimodal Data: Currently, most retinal-based stroke prediction models focus solely on retinal 

images. However, integrating additional data modalities, such as patient demographics, medical history, 

genetic information, or other imaging modalities, can enhance the predictive power of the CNN algorithm. 

Combining multiple sources of data can provide a more comprehensive understanding of the underlying risk 

factors and improve the overall accuracy of the prediction model. 

 Explainable AI for Retinal Image Analysis: Enhancing the interpretability of the FRCNN model is crucial for 

gaining trust and acceptance from healthcare professionals. Exploring techniques for explainable AI, such as 

attention mechanisms or saliency maps, can provide insights into the features or regions of the retinal images 

that contribute most significantly to the prediction. This can help clinicians understand and validate the 

decision-making process of the FRCNN algorithm. 

 Longitudinal Data Analysis: Retinal images captured at multiple time points can provide valuable longitudinal 

information on disease progression and changes in stroke risk. Incorporating longitudinal data analysis into the 

FRCNN algorithm can capture dynamic changes and patterns in retinal features over time, improving the 

accuracy and predictive power of the model. 

 External Validation on Diverse Populations: Validating the FRCNN-based system on diverse populations, 

including different ethnicities and geographic locations, is important to assess its generalizability and 

performance across different demographics. Future work should involve collecting and analyzing retinal 

images from various populations to ensure the robustness and reliability of the FRCNN algorithm. 

 Real-Time Implementation and Clinical Integration: To facilitate real-world clinical implementation, future 

work should focus on developing efficient and scalable systems for real-time analysis of retinal images. This 

involves optimizing the FRCNN model for inference speed and deploying it on platforms that can integrate 

with existing healthcare infrastructure. Collaboration with clinicians and healthcare professionals is crucial to 

ensure the seamless integration of the FRCNN-based system into clinical workflows. 

 Validation in Prospective Studies: Conducting prospective studies that involve long-term follow-up and 

assessment of stroke outcomes is necessary to evaluate the clinical utility and effectiveness of the FRCNN 

algorithm. Prospective studies can provide valuable insights into the real-world performance of the system and 

its impact on stroke prevention and patient care. 

 Model Explain ability and Regulatory Compliance: With the increasing emphasis on model transparency and 

regulatory compliance, future work should focus on developing methodologies to ensure compliance with 

regulatory standards and guidelines. This includes addressing ethical considerations, privacy concerns, and 

model explain ability requirements to promote responsible and safe implementation of the FRCNN-based 

system. 
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