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Abstract: In this paper, we briefly introduce the basic concepts and features of big data. We are
surrounded by a huge amount of data but in demand of information. In the Big Data era, how to quickly
get high quality and valuable information from large amounts of data has become an important research
tool. Big Data Analytics has become very popular, not only academically, but also in industry and
government programs, which can be attributed to the fact that Big Data Analytics offers great promises
and poses significant global challenges. The extracted data can be useful to the organization in various
aspects. Many decisions have to be made by business organizations based on this big data. Data is growing
at a tremendous rate these days and it is an important issue for data management and management to
analyze the information needed to save time and cost. The main purpose of this paper is to present a
detailed analysis of the various forums/techniques suitable for Big Data processing. In this paper, the
various software technologies, methods and tools available for Big Data analysis are explored and
analyzed in detail with their strengths and weaknesses. In this paper various data mining and feature
extraction methodologies are studied and finally comparison between technologies or tools is done based
on performance of various systems.
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