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Abstract: Our research focuses on utilizing machine learning techniques, encompassing natural language 

processing and computer vision, to create an automated system for the detection and reporting of fake 

social media profiles across various platforms. Our approach involves feature extraction from both textual 

and visual content, followed by the application of machine learning models to classify profiles as fake or 

genuine. This system operates in real-time, monitoring user activity and promptly flagging suspicious 

profiles for user- initiated reporting. By combining the power of machine learning with cross-platform 

compatibility and user feedback, our solution aims to enhance online safety by swiftly identifying and 

addressing fraudulent social media profiles, thus fostering more secure and trustworthy online 

communities. 
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