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Abstract: This study examines machine learning in drug development, including advantages, drawbacks,
and future possibilities. The article's study of machine learning models for drug prediction, therapeutic
target identification, and drug candidate development emphasizes machine learning's utility. The article
discusses machine learning's ethical and regulatory issues, data quality requirements, and cooperation and
data sharing requirements in drug development. The research also stresses the importance of transparent
and responsible machine learning algorithm implementation and regulatory structures to ensure the safety
and efficacy of innovative pharmaceuticals produced by these models. The article finishes with a discussion
of future machine learning for drug discovery advances. Machine learning may be integrated with robots,
automation, deep learning models, multi-task learning, and customized medicine. The authors advise
tackling machine learning difficulties in drug development to speed up the process and guarantee patients
have access to novel, effective drugs. They also recommend exploring these prospective research and
development areas. This review article discusses machine learning in drug discovery, its pros and cons, and
the important fields expected to drive future research and development. This essay will interest legislators,
academics, and pharmaceutical producers that want machine learning to enhance patient outcomes and
change drug development
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